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ABSTRACT

The covid-19 pandemic crisis has triggered the implementation of comprehensive online learning in
Indonesia, including in the higher education institutions. Changes in the conventional way of face-to-face
learning to online one provides both positive and negative responses, which will affect student learning
satisfaction. This research aims to determine student satisfaction with online learning, which is associated
with perceived technological complexity, student learning experience, online learning readiness, and the
presence of lecturers in online learning activities. This is research with a quantitative approach. Data was
collected through a google online questionnaire distributed through a network of lecturers. The sample used
is 439 students from state and private higher education institutions spread across eight islands in Indonesia.
Statistical analysis uses the Structural Equation Model (SEM) in Stata 15. The results showed that online
learning satisfaction was positively influenced by student experience, online learning readiness, and the
presence of lecturers in online learning. Moreover, online learning readiness was found to be able to mediate
student experience and online learning satisfaction but unable to mediate technology complexity and online
learning satisfaction. These findings add to the literature on online learning satisfaction and provide
direction for the solution of problems related to online learning satisfaction. The proposed suggestion to
higher education institutions is to encourage the development of online-based collaborative models, to
provide a continuous experience for students. The proposed suggestion to higher education institutions is
to encourage the development of online-based collaborative models, to provide a continuous experience for
students.

Keywords: online learning, learning satisfaction, learning readiness

Avrticle history
Received: Revised: Accepted: Published:
21 October 2021 30 December 2021 21 March 2022 1 June 2022

Citation (APA Style): Suhandiah, S., Suhariadi, F., Yulianti, P., Wardani, R., & Muliatie, Y. E. (2022).
Online learning satisfaction in higher education: what are the determining factors? Cakrawala Pendidikan:
Jurnal llmiah Pendidikan, 41(2), 351-364. doi: https://doi.org/10.21831/cp.v41i2.35724

INTRODUCTION

The Coronavirus disease of the 2019 pandemic, known to the public as the Covid-19, has
shocked and even devastated all lines of human activity in the world, including in Indonesia. The
Indonesian government issued a policy related to handling the Covid-19 pandemic which refers
to the health protocol policy by the World Health Organization (WHO). In education, in an effort
to keep the learning process going, the Ministry of Education of the Republic of Indonesia issued
a policy on the Implementation of Education in the Emergency Spread of Coronavirus Disease
(Covid-19). This policy regulates the changing pattern of teaching and learning activities in
educational institutions from elementary schools to higher education, from conventional face-to-
face meetings to long-distance meetings via the internet or online learning.

Online learning is defined as the use of technology and other intranet/internet-based tools
and resources as a delivery method for structured learning activities, research, and communication
(Means et al., 2010). Online learning is also known by several terms such as virtual learning, e-
learning, and internet-enabled learning. The Pearson Survey states that up to 2019, the change in
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the educational model to online learning in the eleven countries studied, has on average increased
by 61% (Pearson, 2019). However, the model has not been done much in Indonesia. Some of the
probable obstacles include problems in infrastructure, software availability, curriculum
adjustments, skills and knowledge issues, and attitudes towards technology and communication
(Kusumo et al., 2012).

In carrying out online learning, the level of student satisfaction must be considered so that
its effectiveness can be seen. Likewise in higher education, the level of student satisfaction with
online learning plays an important role in adopting online learning methods (Zhu, 2012). This
high level of satisfaction will also have an impact on higher levels of learning (Fredericksen,
2000) so in the management of online learning, efforts to improve student satisfaction factors
need to consider factors that contribute to student satisfaction, which can indicate the success of
its application.

Al-Fraihat et al. (2017) said that one aspect that influences the successful implementation
of online learning or e-learning is readiness, both infrastructure and technology, curriculum, and
psychological readiness. Hung et al. (2010) also said that effective online learning can be achieved
if students have online learning readiness. Knowing how online learning readiness the higher
education main strategy can be to help students improve the effectiveness of their active learning
and independence (Wei & Chou, 2020). Several studies have been conducted to examine online
learning readiness and online satisfaction. Warner et al. (1998) stated that there are three aspects
in student readiness to online learning, namely (1) online learning preferences to replace face-to-
face classes; (2) students' self-confidence in electronic competence/internet skills, and (3)
independent learning ability. Meanwhile Hung et al. (2010) states that there are five aspects used
in measuring online learning readiness, namely self-directed learning, motivation for learning,
computer/Internet self-efficacy, learner control, and online communication self-efficacy. The five
aspects of readiness, self-efficacy on computer/network skills such as managing software, looking
for online information, and performing basic software functions, is indispensable for the
continuity of online learning.

In line with these findings, other research by Sahin & Shelley (2008) suggested that if
students have the skills to use online tools and feel that online learning is useful, then those skills
would promote their learning satisfaction. Skills in using technological devices will also affect
student perceptions of the complexity of technology faced during online learning. The technology
complexity that appears in online learning can involve hardware, software, and also the
infrastructure used to support connectivity (Al-Araibi et al., 2019). Technological complexity was
found to have a negative impact on constructs related to system acceptance (Hasan, 2007), where
when the system has low complexity, the system is considered easy to use and useful (Teo, 2012),
and signifies the success of the system (Parsazadeh et al., 2013). llgaz & Guilbahar (2015) also
show that technology access competency and ICT competence are considered as individual
characteristics that influence success net to learning experiences through interaction with lecturers
and other participants to increase satisfaction. Technical difficulties in using this technology will
later become one of the weaknesses in the implementation of online learning (Sitzmann et al.,
2010). Because the technology aspect is one of the most important aspects of online learning, it
is important to pay attention to the individual understanding of the complexity of technology to
support readiness to take part in online learning.

In addition to technological complexity, Fogerson (2005) states that students' readiness is
also related to their experiences, both collaborative environmental experiences and experiences
following online learning. It is also said that the experience of following online learning can
predict the level of trust in the online learning environment. Online learning experiences can affect
the level of satisfaction, where a high level of satisfaction will lead to student involvement in
online classes (Sahin & Shelley, 2008).

The involvement of students in online class activities cannot be separated from the role of
the lecturer's presence. Lecturer presence is an important aspect when designing and facilitating
online courses (Richardson et al., 2016), and has important implications for the overall learning
experience of Bolliger & Martindale (2004). Lecturers must also build their presence and
personality in-class activities during teaching and discussion (Shea et al., 2006), build
communication strategies, build relationships with students, and build student involvement in
learning (Richardson et al., 2016). The lectures’ concern for learning by providing feedback is
considered as high concern and it is felt as an important thing that significantly influences student
satisfaction (Eom et al., 2006; Jaggars et al., 2013). Therefore, lack of interaction with lecturers
and classmates’ triggers dissatisfaction with online learning (Cole et al., 2014).
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Although the findings of several studies state that student readiness is a significant predictor
on measuring online learning satisfaction (Sahin & Shelley, 2008; Yilmaz, 2017), and different
findings are stated by Fogerson (2005) that there is no significant relationship between readiness
and online learning satisfaction factors. To fill this research gap, this research will explore student
satisfaction with online learning experienced during the covid-19 pandemic. This research
focused on the on-line learning at the higher educational institutions in Indonesia where such
learning model has not been structurally implemented. The results of this research are expected
to shed some lights on valuable information and help higher education to improve the
implementation and management of online learning models in a sustainable manner. Higher
education institutions, in Indonesia especially, can use the findings of this study to evaluate the
application of online learning so that it can make improvements to the application of online
learning.

METHOD

This research is a quantitative approach because the answers from respondents can be
specified as a categorical number of the latent variables. To enable the responses be analyzed
quantitatively, it is necessary to quantify the operational variables for these latent variables. The
sample selection is done purposively or judgmental. Respondents in this study were students who
took online learning during restrictions on studying on campus due to the Covid-19 pandemic.
Students are considered more objective because they have better-thinking skills compared to those
with lower levels of education (Guerra-Carrillo et al., 2017). To filter student respondents,
guestionnaires were distributed with the help of a network of lecturers where the lecturers could
share questionnaire links directly to their students. In addition, each respondent is required to
answer questions related to demographics such as educational strata, name of higher education,
and study program or major. Furthermore, to find out the implementation of lectures, the
questionnaire also asked "Are you taking online learning during the restrictions due to the Covid-
19 pandemic?" "What application do you use to participate in online learning?" As a result, all
respondents answered that they took online learning. The applications used to take online learning
vary, such as using Google classroom, Google meet, Zoom, applications made by their own higher
education institution itself, and other applications. All data that has been processed will be
analyzed by using SEM because of its ability in analyzing the relationship among the latent
variables.

The online questionnaire was used to collect data from respondents. The questionnaire in
this research was designed as a closed and structured list of questions. Data was collected from
university undergraduate students in Indonesia. A total of 448 questionnaires were received and
439 completed questionnaires (97.99%) were processed further. The questions in the
questionnaire consisted of two groups, namely respondents' demographics, and those related to
research variables. The demographic characteristics of the respondents include gender, age,
education, ownership status of the higher education institutions, and the location/region when
students participate in online learning. The research variables are; Technology Complexity (TC),
Student Experience (SE. Online Learning Readiness (OR), Lecturer Presence (LP), and Online
Learning Satisfaction (OS). Students come from 36 public and private tertiary institutions in
Indonesia. Learning from home activities were recorded by students spread at 70 cities/districts
in 8 islands in Indonesia. Respondents consist of: 41.91% men and 58.08% women. 19.36%
people at the diploma level and 80.63% people at the bachelor or undergraduate level. The
respondents’ characteristics are presented in Table 1.

The processed data was then analyzed using descriptive analysis and SEM analysis through
Stata 15 software. The descriptive analysis included the mean, standard deviation, and minimum-
maximum value. The purpose of using descriptive analysis is to provide an overview of
respondents' answers through the five variables studied. Meanwhile, SEM analysis was used to
analyze the relationship between latent variables. The process of SEM analysis is carried out by
determining the model specifications from the hypotheses of the relationship between variables,
which is then continued with the overall suitability test of the model. From the results of the model
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fit test, it will be known whether the model made is in accordance with the analysis generated by
the statistical program.

Table 1. Respondent’s demographi characteristics

Survey period April — May 2020 N=439

Gender Male 184
Female 255

Age Average 20 years old
Youngest 17 years old
Oldest 32 years old

Education Associate Degree 85
Bachelor Degree 354

Higher Education of Origin State 15
Private 21

The island where students live when studying  Java 373

online Outside Jawa (Sumatra, 66

Kalimantan, Sulawesi, Madura,
Nusa Tenggara, Bali, Irian Jaya)

Note: Source Researcher’s questionnaire (2020)

Good criteria for testing the overall fit of the model according to Hair et al. (2014) is to
look at more than one statistic that is suitable for use by recommending one absolute index, one
incremental index, and a minimum value of 2. Although there is no ground rule, reporting on
multiple indices is necessary because different indices reflect different aspects of model fit. In
this study, the absolute index is represented by the RMSEA value and the incremental index is
represented by the CFI and TLI values.

Measurements

Some variables used in this research were developed and adapted from previous studies.
Overall, there are 27 question items that are indicators of variable measurement, as can be seen
in Table 2 below. The English questionnaire items from previous researchers have been translated
into Bahasa Indonesia and adjusted so that they are easily understood by all respondents.

Measurement of Student Experience variable is developed based on the Fogerson’s student
experience scale (Fogerson, 2005). Student Experience (SE) is defined as the experience of
students in an online collaborative environment and online learning. A 5-point likert scale with 1
= Never, and up to 5 = Very often, used to measure three items indicator. Examples of the question
in this construct are "What is your experience with online collaborative environments such as e-
mail, chat rooms, and/or discussions before having to take part in online learning during learning
from home".

Variable Technology Complexity (TC) was developed from Attis (2014). Technology
Complexity is defined as the level of difficulty and understanding of the technology used in online
learning that is felt by students. A 5-point likert scale with 1 = Strongly Disagree until 5 = Strongly
Agree is used to measure the four items indicator in this variable. Example of the question for
Technology Complexity is a statement such as “be able to use online learning requires too much
time to learn it".

Next, The Online Learning Readiness (OR) variable adopts 4 dimensions from Hung et al.
(2010) presented in eleven indicator items. It includes Computer/Internet self-efficacy, Self-
directed learning, Learner control, and Online communication self-efficacy. A 5-point likert scale
with 1 = strongly disagree, and 5 = strongly agree, is used to measure each item of the four
dimensions in this variable. Examples of question items in this construct are "I feel confident
about asking questions and discussing them online".
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Variable Lecturer Presence (LP) is defined as students' perceptions of the relationship that
is built from the presence of lecturers in online learning activities. Consists of four indicator items
and uses a new scale developed to measure lecturer perception based on the Gray and DilLoreto
scale (Gray & DiLoreto, 2016). A 5-point likert scale with 1 = strongly disagree to 5 = strongly
agree, is used to measure each item. Examples of a question in this construct is "Feedback on
assignments delivered by lecturer clearly".

Table 2. Variables and item indicators

Variables Item Indicators

Student Experience (SE) - Online collaborating experience
- Online learning experience
- Hybrid learning experience

Technology Complexity (TC) - Time to study online learning
- The hassle of online learning
- Online learning technical needs
- Network disruption

Online Learning Readiness (OR) - Knowledge and skills to manage computer devices/gadgets
- Ability to use Internet search engines
- Ability to carry out study plans
- Initiatives to deal with learning problems
- Ability to set study time
- Ability to direct learning progress
- Ability to manage other online activities
- Repeating online course material
- Confidently use online tools to communicate
- Confident to express in the form of text or icons
- Confident to ask/discuss online

Lecturer Presence (LP) - Lecturers provide feedback
- Lecturers pay attention to learning progress
- The lecturers teach the material clearly
- Lecturers invite students to be actively involved

Online Learning Satisfaction (OS) - Satisfaction technical support during online learning
- Satisfaction interacting with lecturers
- Satisfaction interacting with friends (discussions, work
assignments)
- Interaction with online learning course material
- Overall satisfaction

The Online Learning Satisfaction (OS) variable consists of five statements that were
adopted from Fogerson (2005).. Online Learning Satisfaction is defined as the extent to which
online learning experiences are felt to have fulfilled student expectations of the learning process
and its’ outcomes. A 5-point likert scale with 1 = strongly disagree to 5 = strongly agree is used
to measure items in this variable. Example statement items is "l am satisfied with the technical
support provided before and/or during online learning".

FINDING AND DISCUSSION

Finding

Descriptive statistics for each variable are presented in Table 3. Based on the Likert scale
1-5, it shows that the experience of Indonesian students in online collaborative learning and their
ability to deal with technological complexity is still below average. Meanwhile, in online learning,
readiness, lecturer perception, and online satisfaction, they have shown better scales.

From Table 3 above, it can be seen that the technological complexity faced by students is
below the average value. This shows that most students do not experience the complexity of
problems in using technology. As for the variables of learning experience, online learning
readiness, readiness, lecturer perception, and online satisfaction, the scores are above average.
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This shows that most students have sufficient learning experience, have good readiness to take
part in online learning, have sufficient perception of the presence of lecturers during online
learning, and are quite satisfied with the online learning they are participating in.

Table 3. Descriptive statistics of the variables

Variables Obs. Mean Std.dev. Min Max
SE 439 2.831 .898 1 5
TC 439 2.344 .691 1 5
OR 439 3.705 483 1 5
LP 439 3.434 .692 1 5
0S 439 3.340 732 1 5

Note: SE: student experience; TC: technology complexity; OR: online readiness; LP: lecturer presence; OS: online

learning satisfaction

The results of testing the validity and reliability of the instrument indicate that the
instrument is valid and reliable. Instrument items are considered valid if the correlation coefficient
value > 0.3 (Boateng et al., 2018) and the o value in the range 0.67 - 0.87 (Taber, 2018). The
results of instrument validity and reliability are shown in Table 4. Furthermore, to deepen the
analysis of the relationship between learning experience factors, online learning readiness, and
the presence of lecturers, to online learning satisfaction, a model analysis was carried out using

the Structural Equation Modeling (SEM) approach.

Table 4. Result of validity and reliability

Variables Item Item-test Correlation a
SE sel 721 .697
se2 .847
se3 794
TC tcl .749 707
tc2 716
tc3 795
tcd .664
OR orl 573 .837
or2 611
or3 .640
or4 518
or5 .659
or6 .705
or7 .612
or8 592
or9 709
orl0 .624
orll .657
LP Ipl .830 .847
Ip2 .801
Ip3 .863
Ip4 .816
0sS osl .790 .859
0s2 871
0s3 .806
0s4 754
0s5 792

Note: SE: student experience; TC: technology complexity; OR: online readiness; LP: lecturer presence; OS: online

learning satisfaction, n=439

Copyright © 2022, author, e-ISSN 2442-8620, p-ISSN 0216-1370

356



Cakrawala Pendidikan: Jurnal limiah Pendidikan, Vol. 41 No. 2, June 2022, pp.351-364

Goodness of fit model

The SEM analysis process is carried out by determining the structural model specifications
from the hypothesis of the relationship between variables. The structural model of this research
shown in Figure 1.

Figure 1. Structural Model

After estimating the model, then proceed with the overall fit test of the model. The results
of the overall fit of the model are shown in Table 5.

Table 5. Goodness of fit indeces for the model

Fit Indices Recomended Value Indices Value
Chi-square/(df) < 3.00 1058.180
RMSEA < .08 .072
CFlI .80-.90 .838
TLI .80-.90 .822

The Result of the Goodness of Fit Model in Table 5 shows that although the value of ¥? is
high, the other three indices are still within a good range of values. Index value of RMSEA index
met the criteria since it’s value is .072 which is less than the recommended value of .08,
representing a good fit model. The CFl and TLI indices have also shown that they meet the criteria
of an adequate measurement model with a marginal fit value. This is based on the previous
literature which states that the marginal fit value is still acceptable (Hair et al., 2014). Therefore,
it could be concluded that in the measurement model, the data adequately fit the SEM model in
this research.

Figure 2 shows the results of SEM structural model estimation. The results would indicate
whether the proposed hypothesis is supported or rejected.

.058

Figure 2 Results of Structural Model Estimation
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Table 6. Structural model estimation

Variable Loading Factor Z value P>z
SE - OR 201 3.430** .000
TC-OR .853 1.461 144
OR-0S 661 10.659** .000
LP - OS 525 15.276** .000

Notes: The table presents unstandardized regression coefficients and standardize errors for each measure. N=439

From structural model estimation, Table 6 shows the result of hypothesis estimate. The first
hypothesis in this research estimates the associative relationship between variable SE on OR. The
statistical results indicates that the SE has a significant association on OR, thus H is supported.
The second hypothesis expects the association between TC and OR. However, the results show
that TC does not have a significant associative effect on OR, therefore H; is rejected.

In this research, the third hypothesis is the associative relationship between OR with OS.
The test results indicate that the hypothesis that OR has a significant relationship with OS is also
supported, therefore Hs is accepted. Furthermore, the fourth hypothesis stated that OR acted as
mediator between SE and OS. Similarly, the fifth hypothesis stated that OR also behave as
mediator between TC and OS. The result of statistical test indicated that OR significantly serve
as a mediating variable between SE and OS. However, it cannot mediated the association between
TC and OS. Thus, H. is accepted and Hs is rejected.

The sixth hypothesis suggests that LP has associative relationship with OS. The results
show that LP has statistically proved a significant effect on the OS variable. Thus He is not
rejected. The results of structural model tests also indicates that the contribution of the SE to the
changes in OR is 4%, the contribution of the LP to the OS is 36%, and the contribution of the SE
to the OS is 25%.

Previous statistical testing on structural model indicates that OR is able to mediate SE and
OS, but not able to mediate TC and OS. Table 7 below shows the direct and indirect relationship
of the variables SE, TC and OR to OS and variabel LP to OS.

Table 7. Direct - Indirect Effect

Variabel Direct Effect Indirect Effect Total Effect
SE -OR 143 - 143
SE - 0S - .098 .098
TC-OR .058 - .058
TC-0S - .040 .040
OR-0S 697 - .697
LP-0S 542 - .542

Note: SE: student experience; TC: technology complexity; OR: online readiness; LP: lecturer presence; OS: online
learning satisfaction

Discussion

This research aims to determine student satisfaction with online learning which is
associated with perceived technology complexity, student learning experiences, readiness for
online learning, and student perceptions of the presence of lecturers in online learning activities.
Online learning that has been carried out in Indonesia as a whole during the Covid-19 pandemic
is @ major change in the method of learning in schools. This online learning model may not end
after the pandemic but will be sustainable in the future as a new model of education in Indonesia.
Therefore, it is necessary to know about the satisfaction felt by students and what things contribute
to that satisfaction.

In the student experience construct, on average, students in Indonesia have sufficient
experience in participating in online learning. As many as 40.1% of students stated that they had
participated in online learning several times. The large number of students who have experience
participating in online learning can occur because most of the students who are respondents live
on the island of Java. Java Island is the island that has the highest internet penetration rate in
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Indonesia, namely 55.7%, followed by Sumatra with 21.6%, and three other areas, namely
Kalimantan 5.2%, Sulawesi 6.6%, and Irian Jaya 10.9% (APJIIl, 2018). This ease of internet
access allows them to be able to interact and collaborate in online learning, both formally in
lecture classes at colleges and taking online classes outside of college.

In the construction of technology complexity, on average, students do not experience
complex problems related to the use of technology to participate in online learning. The problem
that is considered sufficient to affect the implementation of online learning is network stability.
This is in accordance with the results of a survey conducted by the Ministry of telecommunication
that although internet networks are available in most areas in Indonesia, network stability is still
a problem (Kominfo RI, 2020). Students also quite agree that participating in online learning
requires time to learn. In the implementation of online lectures, it was stated by students that
lecturers can use learning applications provided and made by their higher education institutions
or use applications provided by developers such as through Googlemeet, Zoom, Edmodo,
Microsoft Teams, Google Classroom, Ed-link. In addition, to support certain courses, sometimes
lecturers also use other applications that must be connected to a laptop or mobile phone as their
learning device. Even though it doesn't have a high level of complexity, this requires them to first
learn how to use the application in order to be able to take part in online learning well.

In the online-learning readiness construct, on average, students have readiness to
participate in online learning. They have the confidence to communicate or discuss through online
tools, have sufficient knowledge and expertise to manage their college devices such as laptops
and mobile phones, have good skills in using search engines. His ability to use search engines
helps students to learn independently when rereading material that has been distributed by the
lecturer. In addition, they also use their abilities to seek help when facing learning problems.

Although accustomed to using technology, Students really expect the presence of lecturers,
not only teach but also guide students to complete assignments, provide feedback, and even listen
to (Richardson et al., 2016; Vesely et al., 2007). In the lecturer attendance construct, students
agree that the lecturer's ability to make the class more active is very much needed. This is because
during the period of restrictions on community movement, students have never met their
classmates and teaching lecturers. Therefore, interaction can be created if the lecturer is able to
invite all students to be actively involved in the learning process. In addition, students also agreed
that giving the material clearly and also feedback on assignments will help them absorb the lesson
better.

The findings of this research show that the experience of students who have participated in
online learning before has an influence on their readiness to take online lectures during the
pandemic. Students who already have student experience in collaborative online and online
learning environments make them more confident. Students are able to discuss, express their
feelings in the form of text, and make them able to direct their own learning progress. This helps
their readiness to take online lectures continuously during mobility restrictions during the
pandemic. These results are in line with Fogerson (2005) and Warrican et al. (2014) who stated
that experience is one of the factors that influence online learning readiness. The results of this
experience also confirm what has been conveyed by Warner et al. (1998) that students' readiness
for online learning requires students' confidence in electronic competence/internet skills, and
independent learning abilities.

Regarding the complexity of technology, the findings of this research indicate that the
readiness of students to take part in online learning is not influenced by the complexity of the
technology they face. This finding supports what was conveyed by Kusumo et al. (2012). that
students do not experience problems with their knowledge of technology. In general, students in
this research were able to learn the use of online learning technology because it did not have a
high complexity so that it did not take long to learn. The students in this research were on average
20 years old, and were classified as generation Z, namely individuals born in 1996 - 2012
(Schwieger & Ladwig, 2018). Generation Z is considered to have more ability to adapt in the use
of digital technology. In particular, it was also conveyed that Generation Z in Asia has excellent
capabilities in terms of the use of cellular technology, has unlimited access to various information
through various digital channels (Parry, 2020). This ability helps them in learning the technology
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used in online learning. On the other hand, the government's policy to provide online education
during the pandemic is recognized by students as an unavoidable condition. Under limited
conditions, all higher education institutions must move quickly to prepare for the needs of
technology used in online learning and ensure technical assistance to overcome problems in online
learning. Therefore, although the implementation of online learning is sudden, students do not
feel a problem in the technology they use and are still ready to take part in online learning.

The results of this research also found that online learning readiness and the presence of
lecturers had a significant positive effect on student satisfaction. This shows that the higher the
level of readiness of students in participating in online learning, the greater their satisfaction in
participating in online learning. Likewise, if students feel the presence of a high lecturer in the
class, their satisfaction will also increase. In general, students view themselves as ready to
participate in online learning, especially because they have skills in managing computer
equipment, have initiative in overcoming learning problems, and have the confidence to
communicate, discuss and express opinions online.

The findings regarding the effect of online learning readiness on online learning satisfaction
are different from the results presented by Fogerson (2005). This difference is possible because
the respondents in previous studies used students from various strata, from undergraduate to
graduate students with an older average age of 35 years. Meanwhile, this research focuses on
undergraduate students where most of them are Generation Z. Age has the potential to cause
differences in results because individuals with a more mature age have different learning styles
such as preferring to learn through video rather than more interactive learning (Simonds & Brock,
2014).

After years of face-to-face learning, changing to online learning is not an easy thing. The
change in learning to online learning brings a sense of loss in the presence of friends and teachers,
loss of atmosphere, and reduced understanding of the material (Khalid & Quick, 2016). The lack
of interaction as in face-to-face lectures often makes students feel bored and makes learning less
effective (Irawan et al., 2020). The existence of interaction, feedback from lecturers and attention
to student progress, the provision of clear lecture materials, and the ability of lecturers to make
students active during learning, can increase student satisfaction in participating in online
learning. Meanwhile, the lack of teacher guidance and interaction in the online learning
environment can be a big problem (Zhu, 2012). In addition, to take part in online learning,
confidence in communicating becomes the basis for interacting with friends and lecturers. The
interaction construction both interactions with lecturers, fellow students, and the material being
taught plays an important role for satisfaction in face-to-face learning and online learning (Kuo
etal., 2014). The results of this research support the results of previous studies where the presence
of lecturers and the confidence to interact in an online environment can increase student
satisfaction in participating in online learning (Khalid & Quick, 2016; Tan et al., 2017).

This model conveys the value of online learning experiences to support student readiness
to attend lectures. Students who are ready and the presence of lecturers is felt to affect their
satisfaction in participating in online learning. The findings regarding the absence of the influence
of technological complexity on online learning readiness provide clues for the sustainability of
the online learning model. The online learning method allows it to be continued because
technology has become a part of today's student life. They no longer experience significant
difficulties in operating the technology used in online learning. In addition, through online
learning, it allows students to independently explore their techniques and thinking (Wang et al.,
2019). However, the availability of a stable network is needed to support online learning. The
implication of this research is that student satisfaction in attending online lectures can be further
improved by prioritizing the readiness and presence of lecturers in online learning. Optimizing
the readiness and presence of lecturers is needed to increase students' independence in learning
and their involvement in the two-way learning process. The existence of a good online learning
system will increase learning readiness and encourage collaboration and interaction so that
learning satisfaction increases and can boost academic achievement.
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CONCLUSION

This research seeks to explore the factors that influence student satisfaction in Indonesia in
participating in online learning. Research using a cross sectional design found that student
satisfaction with online learning is influenced by student experience, online learning readiness,
and lecturer presence factors. The online learning readiness factor was found to be able to mediate
the student experience and online learning satisfaction. However, the online learning readiness
factor is not able to mediate the technological complexity of online learning satisfaction. Related
to online learning readiness and online learning satisfaction factors, the finding of this research is
different from previous finding by Fogerson (2005). It could be caused by differences in
generations where students in this research were classified as Generation Z. They have fairly
good abilities in using digital technology, which has now become part of students' daily lives.
These findings imply that the importance of the role of higher education institutions in preparing
and promoting the development of online-based collaborative learning models. They need to
provide a sustainable experience for students. In addition, higher education institutions can
increase the knowledge and skills of lecturers through trainings to improve their ability to manage
classes to be more interactive, both materially and socially. Support for a good and structured
online learning system is needed to encourage readiness and collaboration. Considering the online
learning system allows it to continue in higher education, further research can develop this
research model with academic achievement and characteristics between generations of learning
actors.
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